
In my 11 years of drafting due diligence summaries and investment memos, I have learned one immutable truth: a
plausible lie is more dangerous than an obvious mistake.

Most AI-powered research tools today are built as "chatbots." You ask a question, they scan a PDF, and they
generate a synthetic summary. If they don’t find the answer, they hallucinate one that sounds authoritative. In a
high-stakes investment environment, "plausible-sounding" gets you fired. If your AI-generated memo contains a
fabricated source, the chain of trust is broken. You aren’t just wrong; you’ve compromised your fiduciary
responsibility.

We need to stop treating Large Language Models (LLMs) as omniscient consultants. We need to treat them as
unreliable interns who happen to be excellent at data processing—if, and only if, you structure the workflow to
verify every single claim.

The Fatal Flaw of Single-Model Reliance
The standard approach to due diligence AI is "ask one model, get one answer." This is a catastrophic failure mode.
Single models are prone to bias based on their training sets and inherent, idiosyncratic hallucinations. If you rely
on a single model, you are essentially asking one person to proofread their own homework.

What would break this? Simple: a prompt that creates a conflict of interest or touches on a fringe technical topic
where the model has sparse training data. The model will default to its most probable next token—not the truth.
To fix this, you must move from "Chatbot" to "Orchestration."

The Architecture: Context Fabric and @mention Orchestration
To move toward fabrication prevention, you need an architecture that decouples the "source" from the "synthesis."

1. Context Fabric: The Shared Memory Layer



In a standard RAG (Retrieval-Augmented Generation) setup, https://suprmind.ai/hub/best-ai-for-business/ the
context is often fleeting or poorly indexed. A Context Fabric creates a persistent, shared memory layer. All models,
regardless of their underlying architecture (e.g., GPT-4o, Claude 3.5 Sonnet, Llama 3), draw from the exact same
validated data lake. By locking the model into a predefined subset of verified documents, you strip away the risk of
the model pulling "knowledge" from its general training weights.

2. Orchestration via @mention

Instead of a single "Ask AI" button, sophisticated due diligence teams are using Orchestration via @mention. This
allows you to chain specialized agents together in a deliberate sequence:

@LegalModel: Scans contracts for change-of-control triggers.

@FinancialModel: Cross-checks the EBITDA adjustments against the ledger.

@VerificationModel: A separate, adversarial agent whose only job is to check the citations generated by the
previous two agents against the source document.

Structured Workflows (Modes) for Due Diligence
You cannot use the same "mode" for every decision type. A technical due diligence check requires different rigor
than a commercial market assessment. We define these as "Workflow Modes."

Workflow Mode Primary Objective Verification Protocol Legal/Contractual Identify binary risks/clauses Full source
mapping (Cite required for every line item) Financial/EBITDA Sanity check adjustments Mathematical parity check
across tables Market/Commercial Validate thesis assumptions Multi-model consensus (3 models must align on
interpretation)

Fabrication Prevention: The "Citations or It Didn't Happen" Protocol
How do we actually stop the machine from inventing facts? It isn't via "better prompts." It’s via structural
enforcement.

The goal is citation-backed research. When you force a model to generate a response, you must force it to link its
output to a specific, unique index key from your Context Fabric. If the model generates a statement without an
anchor to a document ID, the orchestration layer should treat that statement as a system error and reject the
draft.

The Triple-Check Workflow

1. Extraction: Model A pulls relevant facts from the data room.

2. Verification: Model B (an adversarial agent) looks at the extraction and the original source, then determines: "Is
this fact supported by the text provided?"

3. Decisioning: If Model B finds a mismatch or a hallucinated interpretation, the output is flagged for human
review before it ever hits a memo.

The Decision Brief: Why You Need One Direction
I’ve read thousands of memos that suffer from "on-the-one-hand, on-the-other-hand" syndrome. This is the
hallmark of a consultant who is afraid of being wrong. AI is even worse at this; it loves to provide a balanced, non-
committal summary that tells you nothing.

https://suprmind.ai/hub/best-ai-for-business/


Your AI workflow should force a recommended direction. After performing the multi-model verification, ask the
orchestrator to synthesize the data into a binary decision framework:

The Thesis: What is the core assumption?

The Evidence: What specific, cited data supports this?

The "What Would Break This?" Section: What is the most likely counter-argument that would invalidate this
investment?

By forcing the AI to list the ways its own recommendation could fail, you move from "generative summary" to
"defensible due diligence."

Conclusion: Skepticism is Your Best Tool
The biggest risk in due diligence AI is not the technology—it is the human tendency to believe the machine when
it shows its work in a nice, formatted table. Never export a raw chat transcript to your stakeholders. If you don't
understand how the model arrived at its conclusion, you haven't done your diligence; you've merely outsourced
your professional judgment to a stochastic parrot.

Build your fabric, orchestrate your agents, and verify, verify, verify. The goal isn't to make the AI smarter; the goal
is to make your process so rigorous that a hallucination has nowhere to hide.

Note: I maintain a running log of AI failure modes in private equity and legal settings. If you’ve seen a particularly
creative AI hallucination in a deal room, feel free to reach out. It’s always the ones that look 90% correct that end
up causing the most damage.


